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ABSTRACT

Under the European Union’s Thematic Strategy for Soil Protection, the European Commission’s Directorate-General for
the Environment (DG Environment) has identified the mitigation of soil losses by erosion as a priority area. Policy
makers call for an overall assessment of soil erosion in their geographical area of interest. They have asked that risk
areas for soil erosion be mapped under present land use and climate conditions, and that appropriate measures be taken to
control erosion within the legal and social context of natural resource management. Remote sensing data help to better
assessment of factors that control erosion, such as vegetation coverage, slope length and slope angle. In this context, the
data availability of remote sensing data during the past decade facilitates the more precise estimation of soil erosion risk.

Following the principles of the Universal Soil Loss Equation (USLE), various options to calculate vegetative cover
management (C-factor) have been investigated. The use of the CORINE Land Cover dataset in combination with lookup
table values taken from the literature is presented as an option that has the advantage of a coherent input dataset but with
the drawback of static input. Recent developments in the Copernicus programme have made detailed datasets available
on land cover, leaf area index and base soil characteristics. These dynamic datasets allow for seasonal estimates of
vegetation coverage, and their application in the G2 soil erosion model which represents a recent approach to the
seasonal monitoring of soil erosion. The use of phenological datasets and the LUCAS land use/cover survey are
proposed as auxiliary information in the selection of the best methodology.
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1. INTRODUCTION

Erosion by running water has been identified as the most severe hazard with regard to the protection of soil in Europe'.
By removing the most fertile topsoil, erosion reduces soil productivity. Where soils are shallow, this leads to a
progressive and ultimately irreversible loss of natural farmland, and in vulnerable areas is a major process of
desertification®.

Globally, soil erosion has been addressed as one of the most critical soil degradation hazards. It has been found that
almost 12% of the European territory, accounting for almost 115 million hectares, is subject to soil erosion. The financial
cost impact of erosion has been calculated as being several billion Euros'.

New developments in soil policy at the European level, which have come about with the introduction of the thematic
strategy for the protection of soils and the establishment of the European Soil Data Centre (ESDAC)?, put in place a
reporting mechanism from Member States to the European Union with the ultimate goal of assessing soil conditions.

Soil erosion monitoring is very costly and is usually limited to a number of plot sites. Therefore, a large number of
models have been developed to estimate soil erosion by water at different scales®. According to Karydas et al. (2014)*,
who reviewed 82 erosion models, the most widely applied empirical soil erosion models are the Universal Soil Loss
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Equation (USLE)’, and its more recent version, the Revised-USLE (or RUSLE), introduced by Renard et al’. Remote
sensing data are contributing in estimating the erosion risk factors such as vegetation coverage, slope length and slope
angle. In this study, the focus is on the assessment of vegetation coverage, as the other factors can be calculated by using
standard equations.

1.1 USLE model and Vegetation Coverage

In the USLE (and the subsequent RUSLE) model, the vegetation coverage (the C-factor) is dimensionless (unitless) and
represents the influence of terrain cover, land management and cropping in mitigating soil erosion. Among the six
different erosion factors, the cover-management factor and the support practices are probably the most important ones as
they can be influenced by human activities. The other erosion factors (such as rainfall erosivity, soil erodibility
(incorporating stoniness), slope steepness and slope length) are independent of human activities.

The two factors that can prevent soil erosion are vegetation cover (C-factor) and management practices (P-factor). The
removal of vegetation cover can accelerate soil erosion at an exponential scale and thus increase sediment yield
significantly’. The C-factor is estimated using a number of methodologies, taking as input a) land Cover indexes, b)
remotely sensed data, c) vegetation indexes, and d) field observations.

Among the soil erosion factors, vegetation coverage (C-factor) and rainfall erosivity (R-factor) are the two dynamic
factors that change over the course of a year. Time series of vegetation datasets can be used to calculate the seasonal C-
factor throughout a given year. The availability of remote sensing data allows for the identification of high risk seasons
when high rainfall intensity is combined with low vegetation coverage. Therefore, remote sensing data are very
appropriate to capture the spatial and temporal variability of the C-factor.

1.2 Available satellites for global vegetation coverage

There is currently a plethora of satellite sensors for mapping vegetation patterns and other parameters related to land
cover and land use at low to moderate resolutions. NOAA-AVHRR is a satellite sensor at 1.1-km resolution, designed
for defining hydrologic, oceanographic, and meteorological parameters, with daily coverage, available since 1981.
Another coarse resolution satellite sensor is SPOT-VGT, at 1-km resolution, designed to provide daily vegetation indices
since 1998. At 300-m resolution, the ENVISAT MERIS sensor produced regular standardised biophysical parameter
layers over Europe for about 10 continuous years (2002-2012) under the GMES (now Copernicus) initiative, but is no
longer operational. Launched in May of 2013, the Proba-V sensor provides multispectral images at 333-m resolution to
study the evolution of the vegetation cover on a daily and global basis ("V' stands for vegetation). This mission extends
the dataset of the SPOT-VGT sensor, flown as a secondary payload aboard SPOT-4 and SPOT-5 satellites, which will be
retired by 2015. TERRA/MODIS, with 250-m/500-m/1-km resolution, covers the Earth’s surface on a daily basis,
capturing data in 36 spectral bands ranging in wavelength from 0.4 um to 14.4 um, since 1999. Among radar systems
which enable us to acquire imagery regardless of the weather, RADARSAT-2 has been one of the most powerful
technical advancements for global environmental monitoring and resource management mapping since 2007.

For medium- to high-resolution spatial scales, the launch of Landsat-8 in 2013 by NASA was an important development,
as it continues a very long times series of global satellite image acquisition that began in 1982. Landsat-8 carries an
Operational Land Imager (OLI) and Thermal Infrared Sensor (TIRS). The new sensors have additional spectral bands (in
the deep blue and middle infrared wavelengths) which, together with a new Quality Assurance band, provide
enhancements over prior Landsat instruments. Starting from 2014, the European Space Agency (ESA) is planning to
launch a series of new satellite sensors (radar and optical) for land and ocean monitoring. Sentinel-1 will be composed of
two polar-orbiting satellites operating day and night, which will perform Radar imaging. The objective of Sentinel-2 is to
provide optical imagery at 10-m/20-m/60-m resolution for monitoring vegetation, soil and water cover, inland waterways
and coastal areas, at a revisit time of 2 to 5 days. Sentinel-2 satellites will routinely deliver high-resolution optical
images globally, providing enhanced continuity of SPOT- and Landsat-type data.
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1.3 Objectives

This paper presents various options for the spatio-temporal estimation of the C-factor. As a review of existing or
potential technologies, it aims to identify the most appropriate methodologies applicable at the European scale. Soil
erosion modelling at European scale is advancing through the availability of Lad Use/Cover Area frame Survey
(LUCAS) soil data which allows for soil erodibility mapping at 500-m resolution®, the availability of national soil
erosion estimates’ and the advancing assessment of rainfall erosivity dataset based on sub-hourly rainfall data'®.
However, the potential of new remote sensing data for estimating C-factor at European scale still needs to be explored.
The criteria for selecting the best methodology for the development of the C-factor at the European scale are:

a) Extent: The methodology should be applied at the European scale.

b) Scale: The produced dataset should have a resolution of 1 km grid cell.

¢) Reproducibility and data availability: The input attributes are not restricted by copyright and are continuously

updated.
d) Seasonal effect: data outputs are produced for different time steps (e.g. monthly) of the year.

Together with the seasonal rainfall erosivity layers, the selection of the best methodology will allow for developing
seasonal erosion outputs at the European scale. The C-factor maps must match the rainfall erosivity time-step (e.g.
monthly).

2. METHODS TO PARAMETERIZE THE IMPACT OF VEGETATION COVERAGE ON
SOIL EROSION

According to the metadata of the soil erosion estimates data collection from European countries (EIONET network),
most countries use the CORINE Land Cover dataset as input to estimate the C-factor’. In some limited cases, countries
had their own land cover indexes at better scale, while phenological data and crop statistics have also been used in
certain cases.

2.1 Mapping C-factor based on CORINE Land Cover (CLC)

In 1985, the European Commission launched the CORINE (Coordination of Information on the Environment)
programme. The two main objectives of the CORINE Land Cover (CLC) project were (a) to provide reliable quantitative
data on land cover across Europe, and (b) to develop one complete spatial land cover dataset covering the EU Member
States (MS) plus several other European and North African countries. The CORINE datasets'' were developed by image
analysis and digitalisation of Landsat photos in a GIS environment. CORINE Land Cover datasets from 1990, 2000, and
2006 have been used to calculate the C-factor at the European level. The datasets contain homogeneous data on land
cover areas which are provided in vector format (as polygons). The CORINE Land Cover datasets were established
following harmonised procedures based on a common classification system, and can therefore be easily compared'”.
Data are classified in 44 land-cover classes, which are grouped into three hierarchical levels. Their nominal scale is
1:100,000 with a minimum mapping unit of 25 ha and a change detection threshold of 5 ha. In the CORINE Land Cover
dataset, the minimum mapping unit size (25 ha) underestimates the landscape diversity trends'’.

For each land use type, the C-factor was estimated according to the literature findings® '*. The land use classification is
used in combination with lookup tables from the literature to plot the vegetation coverage maps. The C-factor for arable
lands was set to 0.3 and to an average C-factor of 0.01 for grasslands, while dense forests had the minimum C-factor of
0.001. Dense shrublands have a C-factor value of 0.01, while sparse shrublands have been assigned a value of 0.10. The
permanent crops have values between 0.1 and 0.3. Urban areas, bare rocks and mountain peaks have the value 0 which
results in zero erosion for these areas. This approach has been successfully applied in many European areas: Slovakia'>,
southern Italy'®, Tuscany'’, southeastern Spain'® and a comparative analysis in Greece-France-Belgium-Portugal"’.

Using the above mentioned literature C-factor and the CORINE Land Cover datasets'!, a C-factor map was produced at
the European level (Fig. 1). Lower C-factor values correspond to a lower risk of soil erosion. The arable lands show the
highest C-factor values.
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Figure 1. European C-factor map based on CORINE Land Cover data.

2.2 Seasonal mapping based on remote sensing derived biophysical attributes (MERIS)

Bearing in mind the importance of vegetation in erosion processes, the general trend is to identify available remote
sensing datasets at the European scale which can provide monthly vegetation indexes. The availability of Medium
Resolution Imaging Spectrometer (MERIS) satellite data facilitated the development of biophysical parameters at a
resolution of 1-km grid cell for the whole of Europe, within the context of the Copernicus programme. The availability
of those biophysical parameter layers encourages the development of dynamic vegetation indices.

The biophysical attributes Fraction of Soil (FSoil) and Leaf Area Index (LAI) derived from MERIS data have been used
in the development of the G2 erosion model and its first application in the Strymonas catchment area*’located in the
cross border between Greece and Bulgaria. The C-factor, which was renamed the V-factor in the G2 model (‘vegetation
retention’), is given by the following equation:

FSoil + 7FSOZI

V- LAI +1
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Figure 2. V-factor (Vegetation retention) in the Strymonas catchment area in two different months: December (upper left),

June (upper right) and the V-factor distribution during the year (bottom).

The objective of the application of equation (1) was to link vegetation coverage proportionally to the FSoil, taking into
consideration the fact that bare soil (FSoil = 1) is unprotected from erosion. The LAI expresses the effect of vegetation
density on the unit area and is inversely proportional to the V-factor. Using equation (1), monthly vegetation coverage
layers were developed (Fig. 2). The vegetation coverage in December is more homogeneous in the study area, with the
majority of V-factor values ranging between 0.4-0.8. Conversely, the vegetation coverage in June shows extreme
patterns as the northern part of the catchment has the lowest V-factor, mainly due to full canopy and forest density
during this period. Contrary to the forest area in the north, the arable lands in the south have the highest V-factor as most
of the crops are harvested in June. The dynamics of vegetation development have been captured with the proposed
methodology as they greatly coincide with the crop growth in this Mediterranean catchment (large parts of bare soil or

sparse vegetation during October — March and vegetation growth during May — July).
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The effect of LAI proved to be insignificant, as the maximum decrease of V-factor was 8% on average during the period
of canopy growth (July-August). The effect of LAI was minimal during the winter period (3% average decrease in the
vegetation factor) (Fig. 2). Considering the small effect of LAI, the G2 model was revised by replacing LAI with a Land
Use (LU) parameter.

In the seasonal monitoring of soil erosion in Crete with the revised G2 model”', the V-factor was used as the
denominator in order to reflect the protective effect of vegetation against soil erosion. This change, which was a part of
an overall G2 model revision, implied that lower V-factor values represent an absence of vegetation (V=1 for bare soil);
therefore, the change had no effect on the potential erosion value (in this case the potential erosion is considered to be
that occurring on bare soil). On the contrary, high V-factor values correspond to dense vegetation supported by
protective management practices. V is introduced as a dynamic factor in the estimation of soil erosion, by combining
inputs from time series of vegetation layers and a constant empirical land use (LU) parameter:

VLU — e(LU*Fcover) (2)

The FCover layer is complementary to the FSoil layer in their normalised form (i.e. FCover=1-FSoil), whereas the LU
attribute is an empirical land use parameter derived from expert knowledge applied in CORINE classes (corresponding
to the Gavrilovic empirical tables). This empirical attribute can differentiate the influence of diverse land uses on land
with the same vegetation coverage. According to the USLE empirical tables, the C-factor is reduced in a non-linear way
against vegetation growth and tillage practices. The exponential reduction of the V-factor due to an increase of FCover is
met by the development of the exponential function (2).

The month-step V-layers (called ‘vegetation retention’ layers in the G2 model), in combination with corresponding time-
step R-factor layers, contribute to integrated spatio-temporal soil erosion monitoring (Fig. 3).
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Figure 3. Temporal distribution of V-factor and R-factor in Crete; left: V-values indicate how many times the potential
erosion risk is reduced due to vegetation and land use management; right: Normalised curves of Monthly R and V factors.

In some cases, there can be spatial gaps in the layers of biophysical parameters due to presence of clouds (especially on
the mountain peaks). The temporal integration of layers from recent dates or from additional past years could resolve the
problem of mapping a complete surface. According to the derived V-layers, it seems that the western part of Crete has
almost double the vegetation protection (on average) compared to the eastern part (Fig. 4).
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2.3 Seasonal mapping based on remote sensing derived phonological data (MODIS)

MODIS MOD13Q1 Enhanced Vegetation Index (EVI) data® are dedicated to enabling the assessment of crop patterns in
the European Union. EVI allows for the identification of the spatio—temporal distribution of crop phenology across
continental Europe. The output results are dynamic ‘land use layers’ which can be used for the seasonal monitoring of
vegetation coverage in erosion models (Fig. 5).
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Figure 5. Phenological map of the crop seasonality.
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The 12-year MODIS time series for Europe will be processed in order to develop phenological metrics. The results will
be validated against the Land Use/Land Cover (LUCAS) dataset. It is important to classify different cops using both the
MODIS data and available statistical data. This will allow for a more precise (depending on the crop) and dynamic
predictions of vegetation coverage.

2.4 Land Use/Cover Area frame Survey (LUCAS)

LUCAS is an in-situ survey, which means that the data are gathered through direct field observations. The aim of the
LUCAS survey is to gather fully harmonised data on land use/cover and their changes over time in European Union (EU)
countries. It is compatible with existing land cover/use systems (e.g. FAO, NACE and Farm Structure Survey) and it
fulfils the specifications of the European INSPIRE standardisation initiative for land cover and land use. The LUCAS
nomenclature has evolved over the years (2001/2003/2006/2009/2012), but its fundamental aspects have remained. In
the LUCAS 2012 survey, almost 270,000 geo-referenced points were visited by more than 700 field surveyors.

LUCAS points are plotted on a regular grid of 2,828 m x 2,828 m. However, the visited points can deviate from the
designed location, due to partial inaccessibility. The compiled LUCAS database includes information on primary and
secondary land cover/use. The LUCAS nomenclature has a three-level hierarchy, with 57 classes (around 35 classes of
crops), but differs from CORINE nomenclature. In the past, LUCAS has been used successfully for the validation of the
CORINE 2000% dataset by the European Environmental Agency (EEA). In a similar way, the LUCAS database
currently available in EUROSTAT?** can be used for the validation of the land cover classes extracted from satellite
images and for the better calibration of the vegetation coverage factor used in soil erosion models.

3. DISCUSSION

The application of CORINE methodology has the drawback of assigning C-factor values in a static way. This is evident
in arable lands where the soil can be prone to erosion due to absence of vegetation in late autumn, but where crop
development during spring is a protective factor against erosion. The seasonal crop dynamics are not accounted for in the
distribution of C-factor during the whole year. The seasonal development of crops and its large bias between northern
and Mediterranean countries is hardly taken into account in this methodology. The application of different monthly
indices is not appropriate for pan-European scale application as crop growth varies significantly between different areas
of Europe.

New remote sensing products with short repetition times and spatial resolutions between 300m and 1 km offer a solution
to this problem. For instance, the great potential of biophysical parameters (derived from MERIS) has been demonstrated
by their application in the estimation of the C-factor. The first application of the G2 soil erosion model in Strymonas and
the use of combined FSoil and LAI biophysical parameters was rather successful in predicting the seasonal effect of
vegetation, but underestimated the effect of LAI (actually, Fcover and LAI were found to be highly interdependent). The
modified approach followed in Crete improved the original G2 methodology, by quantitatively introducing the effect of
land use on vegetation and soil. However, as the exact LU value is picked up from a range of values based on expert
knowledge, it can still be considered as being partially subjective.

The LUCAS dataset could be of great potential for point observations and ground trothing of remote sensing products at
European scale. Those point observations with a high density can be used in correlation with remote sensing data
(SRTM) to interpolate the vegetation coverage and develop C-factor maps®®. Geostatistical methods such as inverse
weighted distance or even more sophisticated ones such as cubist regression® have been applied in the past for the
development of the K-factor within Europe.

The alternative option of identifying the month (or period) which is best suited to estimate vegetation coverage was not
taken into account as the objective here is to develop datasets for all the seasons of the year. The use of the Normalised
Difference Vegetation Index (NDVI) was not considered in the present study as this is proved to correlate poorly with
vegetation attributes™ due to the effect of soil reflectance and vitality of vegetation.
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4. CONCLUSIONS AND OUTLOOK

Using the MODIS sensor with 36 spectral bands, daily-acquired imagery distributed free of charge has an enormous
potential use in environmental models such as those regarding soil erosion. The MODIS-derived products advance the
spatial and temporal monitoring of biophysical characteristics of vegetation across large geographic areas such as the
whole of Europe.

The problem of seasonal C-factor estimation (e.g. on a month-step) has been raised a long time ago, but only recently has
been managed in an integrative way by the G2 erosion model. In the past, efforts were based either on static approaches
to calculating C-factor, on ad-hoc solutions, or were eliminated in small study sites. The G2 model follows the same
perspective with the original USLE empirical approach, but on a larger geographic scale. Congruent to USLE, the C-
factor effect is parameterized in two sub-parameters: vegetation coverage and management practices.

Vegetation coverage has a dynamic dimension, whereas land use management is mostly static —at least within a period of
one year. The G2 model has used MERIS data as input for vegetation coverage, and CORINE Land Cover data for the
land use effect. In the future, the required vegetation properties can be provided by biophysical parameter layers derived
from satellite data, such as TERRA/MODIS or PROBA-V, which will replace MERIS and SPOT-VGT. Current efforts
are also dedicated to the improvement of the land use effect, in terms of spatial accuracy and reliability, with Land Use
(LU) parameter selection of the G2 model relying on purely objective judgments derived from completely quantified and
harmonised land use geodatabases.
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